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The ROOTS corpus was developed during the BigScience project with the purpose
of training the multilingual, large language model—BLOOM. The ROOTS search
tool—a search engine giving access to all document in the ROOTS corpus is available
on Hugging Face Spaces. In this document we describe the motivations and technical
details of the ROOTS search tool implementation.

1. Motivations

The current NLP landscape is dominated by research showcasing a spectacular and ever in-
creasing boost in the performance of language models (LMs), initiated by the introduction of
the transformer architecture [I5]. Modern language models such as GPT-3 [4] and BLOOM [3]
perform impressively well on generation tasks, often producing text indistinguishable from that
written by a person. However, the inner workings of such systems are notoriously obscure, with
the lack of visibility into their training corpora emerging as a common culprit. This state of
affairs was the main motivator behind the BigScience projectEPa collaborative research en-
deavor initiated by Hugging Face, aiming to explore the area of large-scale language modelling
through training an open-access, massively multilingual language model now known as BLOOM.
We subscribe to this ethos and propose the ROOTS search tool—a search engine indexing all
document in the ROOTS corpus [§]. We want to give researchers the ability to explore the
documents forming ROOTS. We believe this is important due to reasons we outline below.

Data quality. The question of the quality of large scale textual datasets is a valid one in its
own right, even before we start thinking about using them to train LMs. Papers often give
only cursory descriptions of their data sources or how they were filtered to maintain a certain
quality bar and curb undesired phenomena. A no-code tool allowing to browse through the
corpus broadens the audience and can help us surface problematic instances and gain a better
understanding of the overall text quality and potential corpus-level blindspots.

Model Interpretability. The ability to search through the training corpus of a language model
helps explain and interpret its generations, e.g. it might allow us to uncover cases of generations
directly memorized from the training data (BLOOM seems like a pretty good Lorem ipsum
generatorﬂ) as well as cases of hallucinations where certain names or concepts don’t appear in
the training data at all.

"https://bigscience.huggingface.co/
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ROOTS Data size Index size

language tag # documents in OB # passages i OB Analyzer
zh, zhs, zht 88,814,841 168 111,284,681 682 zh
indic 84,982,982 68 100,810,124 95 whitespace
en 77,010,827 449 695,521,432 731 en
es 67,005,817 165 267,542,136 253 es
fr 58,847,091 195 299,938,546 292 fr
vi 34,110,375 41 76,164,552 70 whitespace
pt 31,969,891 74 122,221,863 115 pt
code 26,176,998 166 365,424,222 198 whitespace
ar 15,234,080 71 68,509,441 90 ar
id 12,514,253 19 29,531,873 26 id
ca 6,142,390 17 26,844,600 29 es
eu 5,149,797 2 6,219,039 4  whitespace
nigercongo 1,162,568 1 1,462,238 1 whitespace
total 597,936,751 1,436 2,171,474,747 2,586

Table 1: Each row represents a single index we’ve built. The Data size column represents the size
of compressed data and may not match numbers presented in the ROOTS paper [§].

Knowledge. The task of extracting and using facts contained in large scale, textual knowledge
sources is what knowledge-intensive NLP has been attempting to solve with retriever-reader
architectures. In a relatively recent trend, researchers have been looking at large scale LMs
as autoregressive search engines able to surface the knowledge they acquire in the training
process [12) 10, 2]. Papers in this niche mostly concern themselves with modelling challenges,
the question we find more pressing though pertains to the quality of knowledge present in the
training corpora - which can be explored using our tool.

Better tooling. Large scale text corpora pose many challenges to people who would like to
access and analyze them. First their sheer scale (1.6TB in case of ROOTS) introduces resource
requirements that may be hard to acquire by individual researchers, it also constitutes a barrier
of entry for people unfamiliar with programmatic ways of accessing large scale data. Next come
legal challenges—text, especially that scraped from the internet may be subject to copyright
and licences which makes people who collect the data reluctant to re-releasing it for fear of
infringing on any laws. As a result, corpora used to train modern LMs are rarely shared
with the public. One common pattern is to open-source tools enabling the reproduction of
the corpus rather than the corpus itself, e.g. in [I6]. BigScience’s meticulous and principled
approach to data governance [6] gives us a unique opportunity to work with actual data while
following the guidelines of the responsible AT licence [5]. In this context, it is worth mentioning
a related, although perhaps less principled effort which resulted in opening a C4 [I3] search tool
by AllenAl: https://c4-search.apps.allenai.org/.

2. Data

The ROOTS corpus [8] is a high-quality, heterogeneous and multilingual text corpus collected
as part of the BigSceince project to train BLOOM. The full dataset is open to the members of
the BigScience Data organization on the Hugging Face hub. To inquire about gaining access
to the organisation, please consult this Google Form. The ROOTS corpus consists of 1.6TB of
textual data in 46 natural languages and 13 programming languages. The data is organized in
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Figure 1: Document lengths distribution in a 100000-element random sample of the ROOTS
corpus. The x-axis indicates the document length in characters. The y-axis indicates
the number of documents of given length in the sample.

498 datasets, following a common naming pattern—the bigscience-data organization name
followed by a slash, then the roots prefix, followed by the language tag and the data source
identifier, delimited by underscores, e.g. bigscience-data/roots_indic-mr mkb. There are
two types of language identifiers—those indicating an individual language, e.g. pt for Por-
tuguese, vi for Vietnamese, and those indicating a language belonging to a language group,
e.g. indic-mr for Marathi, as part of the Indic language group. Additionally, all programming
languages are collected under a common code language tag. In our experiments we build 13
indices—one for each individual language, with the exception of Chinese, where we collect 3
independent language tags available in ROOTS (zh, zht, zhs) into a single index; one for code,
and one per language group (indic and nigercongo) In Table (1| we present basic information
per index. The full list of indexed datasets is available in the appendix.

2.1. Data Governance

The notion of data governance was core to the development of ROOTS—we refer the reader
to the FAccT paper summarizing core findings [6] and the preamble of our access form for a
more thorough analysis of the guiding principles of the data governance workstream and how
they were operationalized during the course of BigScience and after. Here, we briefly share the
logic behind sharing the ROOTS search tool publicly. First and foremost, the tool gives no
practical way to reconstruct the full corpus. We mitigate the risk of copyright infringements by
only displaying 128-word snippets of indexed documents. Wherever possible, we link to source
documents by displaying respective URLs (that said, metadata in ROOTS is inconsistent and
we only have access to URLs in pseudocrawl datasets). Additionally, for each displayed result
we provide a link to the ROOTS dataset it came from for further inspection.

2.2. Data preprocessing

Datapoint vs document. The ROOTS corpus was design with the language modeling task
in mind. In such a setup, we’re primarily concerned with text understood as stream of words
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Document ID: bigscience-data/roots_en_no_code_stackexchange/1495630?seg=para_128_8&seg_id=1

Willen, ERENSERNEIIN globalcitizen, FERINSIERIEIIN gmaxwell, SERAETERIEIINN graingert, SERINGERISIINN graingert, FERINGERIEIINN Greg Griffith, IERISISSNSIINN Gregory Maxwell, ERINSIERIEIEIN Gregory
Maswel, EEBIYSTERNSIINN Gregory Maxwel, SERISTERNSIEYE Grogory Maxwell, SERXSERNSIIN Gregory Maxwe!l, EERXSERNEIINN Gregory Maxwe!|, EESEXGIERNEIINE Gregory Maxwel, EERYSTERNSIIN Gregory
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B grimd34th, STERITERNSTINN qubatron, ERXSTERNEIINN Guillermo Céspedes Tabérez, FEBIXERNENINN Haakon Nilsen, FEBIXGTERNENINN HaltingState, SERTERNSIINE Hampus Sjdberg, EEREXSERNEIINN Han Lin
Yap, FIERETSERNENIN Han Lin Yap, SEREERNENINN harry SERTERNENINN HarryWu, SEREGTERIEIINN Heath, HERAGERIEIIN Hector Jusforgues, EERISIEREEIINN himynameismartin, FERA=RIEIIN

HostF at FIERISIERNENIN Huang Le FERASTERIEIIAN Huang Le [ERATERIEIRN lan Carrol| SERASITERNEIINN lan Kelling FERAIERIEIIN |an T, EERASERNEIAN imharrywy SERAGTERNEIIN instagibbs, HERAIEN
[EIEN instagibbs, FEREETERNEIEN instagibbs, FEREEIEIEIIN instagibbs, ERNGI=RIEIIAN instagibbs, SRS Irving Ruan, FERSHESIEIIAN Isidoro Ghezzi, FERISIENEIINN isle2983 FEREE RN
isle2983, FIESIERNEIAN Ivan Pustogarov, FEREEIENEIEN lvan Pustogarov, SNSRI Ivo van der Sangen, FIEREISIERNEIIEN Ivo van der Sangen, FEESIEMNEIIENN Jack Grigg,jack@z.cash Jacob Welsh, [FEREEIEY
[EIEE Jacob Welsh, FERENSERNENE Jacob Welsh, FERNSIERIEIEE Jakob Kramer, FERSIEIEIEN James Burkle, FERSIEIEIIAN James Evans, FEUNGIEIEIEN James Evans FEDNGIEEIEN James

O'Beirne, FERSIEIEIE James O'Beime, FERESIERIEIEN Jameson Lopp, FERESIERIEIIAE Jameson Lopp, FEREIERIEIEN Jameson Lopp, FERESIEEEIIN Jameson Lopp, [ERSIESNEIETE James White, FERESIEY
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Figure 2: PII leakage - reuslts for the query gmail.com. We indicate the redacted PII with
green and pink treatment.

fed to the training process in equally sized batches (potentially with special tokens marking the
end of a datapoint, like in the case of BLOOM). From the point of view of retrieval, however,
each datapoint is considered a document—a discrete entity, associated with uniform metadata.
It turns out the datapoints in ROOTS have vastly varying lengths - see Figure [I| for details. In
order to be able to compare and rank documents, we make them more comparable by splitting
them into roughly equally sized paragraphs and assign a unique ID to each paragraph.

Document Segmentation. We split documents into passages of 128 words each, with 8-word
overlap between subsequent paragraphs. Overall, when talking about passages we mean the
unit of text used during indexing. When referring to a document or a datapoint we mean a
datapoint as it appears originally in one of the ROOTS datasets.

Unique Documents IDs. Each passage comes with an ID which uniquely identifies both the
original datapoint and the passage within the datapoint. We adopt the following conven-
tion. First, we use the dataset name as defined on the Hugging Face hub, followed by a slash
and an ID of the datapoint form which the given dataset came from. We follow this with a
question mark introducing two parameters allowing us to uniquely identify the passage within
the document. The seg parameter describes the segmentation strategy used, and the seg_id
parameter indicates the index of the given passage under the specified segmentation strat-
egy. E.g. bigscience-data/roots_en oscar/546769947seg=para 128 8&seg_id=5 indicates
the fifth passage obtained by splitting the document into 128-word passages with 8-word overlap.
The document in question is the 54676994-th document in the roots_en_oscar dataset.

Pll redaction During preliminary experiments on the ROOTS corpus, OSCAR [I1] has been
identified as a source of a large amount of documents containing personally identifiable infor-
mation or PII. A regular-expression-based PII redaction scriptﬂ has been applied to OSCAR
prior to BLOOM training. However, the datasets themselves still contain unredacted text. In
order to avoid leaking PII in our search engine, we apply an improved variant of the BigScience
PII redaction script on the backend side and display results with PII redacted in a visible way
- this way one can inspect the data and observe the problem, but personal information are
predominantly removed.

3https://github.com/bigscience-workshop/data-preparation/tree/main/preprocessing/training/02_
pii


https://github.com/bigscience-workshop/data-preparation/tree/main/preprocessing/training/02_pii
https://github.com/bigscience-workshop/data-preparation/tree/main/preprocessing/training/02_pii

Document ID: bigscience-data/roots_fr_hal_archives_ouvertes/59110?seg=para_128_8&seg_id=41
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Figure 3: Language contamination - we issue a query against the French index, however, the
results are predominantly in Polish.

3. Findings

As stated above, the main motivation for creating the ROOTS search engine is to allow re-
searchers to gain insights into the datasets used to train BLOOM. Some findings pertaining to
PII leakage and language contamination that we’ve observed when testing the tool can be ex-
amined in Figure[2] and figure [8] We have also observed evidence of low quality text, e.g. racist
slurs, sexually explicit language or hate speech—interestingly, they often come from datasets
containing movie subtitles. On one hand, the nature of the data source introduces an extra
layer of parenthesis around the controversial content—as readers we understand movie subtitles
are less reliable as a knowledge source and may be consciously breaking standards of respectable
communication. At the same tame, a language model trained on this data isn’t provided with
any metadata which would allow it to classify such datapoints as coming from a specific context
and therefore make any judgements on the quality of the source.

4. Implementation

We host 13 sparse, BM25 [I4] indices, built for all main languages and groups of languages
in the ROOTS corpus using Pyserini [9]. We host the index server on a GCP instance. We
use native Lucend’] analyzers available via Pyserini API to perform text tokenization. Table
contains information on data and analyzers used to tokenize the text. We index the data using
the following sample command.
python -m pyserini.index.lucene

--collection JsonCollection \

--input bigscience-data-pyserini/en/ \

--index bigscience-data-index/en/ \

--generator DefaultLuceneDocumentGenerator \

--threads 64 \

--storePositions \

--storeDocvectors \

--storeRaw \
--language en

The ROOTS search tool UI allows people to search in a specific language, in all languages
(then results are surfaced separately for each language) and to detect the query language on
the backend side and then serve results accordingly. The language identification logic uses a
FastText-based classifier [7] available on the Hugging Face hub. The user can control how many
results they want to see. We apply PII redaction to all datasets on the backend side. We
surface links to external URLs whenever available, and links to respective ROOTS dataset on

“https://lucene.apache.org/
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the Hugging Face hub for each result. We enable flagging of suspicious results—in such case,
we store the reports in the backend and may use them to inform future data filtering efforts.
We use Gradio [I] frontend served via Hugging Face Spaces to host the demo. The front end
code can be accessed here, the Spaces demo is available here and the Community is open for
discussions lhere.

5. Next steps

The current tool is heavily influenced by the UX of popular search engines. In the future we
intend to review classic corpus analysis tools for ideas of different possible treatments. We
would like to add more quantitative information, e.g. term frequency information, number of
hits, co-occurrence statistics and others. We’re also review a possibility of adding an exact
search retrieval (potentially supported by different backend). We welcome the feedback and
suggestions from discussions in the Community tabl of the demo. We’re also pursuing a spin-off
collaboration with Pyserini to make large scale indexing and hosting of textual data even more
seamless.
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A. Appendix

A list of all datasets available on the Hugging Face hub, indexed and available in the ROOTS

search tool.

bigscience—data/roots_ar_arabench
bigscience—data/roots_ar_arabic_billion_words
bigscience-data/roots_ar_brad_2
bigscience—data/roots_ar_habibi
bigscience-data/roots_ar_kalimat
bigscience-data/roots_ar_ksucca
bigscience—data/roots_ar_labr
bigscience-data/roots_ar_multi_un_2
bigscience-data/roots_ar_open_subtitles
bigscience—data/roots_ar_openiti_proc
bigscience-data/roots_ar_opus100
bigscience-data/roots_ar_oscar
bigscience—data/roots_ar_pseudocrawl—filtered_595_mawd003_com
bigscience-data/roots_ar_qgedcorpus
bigscience-data/roots_ar_sanad
bigscience—data/roots_ar_tashkeela

7 bigscience-data/roots_ar_ted_talks_iwslt

bigscience-data/roots_ar_uncorpus
bigscience—data/roots_ar_wikibooks
bigscience-data/roots_ar_wikinews
bigscience-data/roots_ar_wikipedia
bigscience—data/roots_ar_wikiquote
bigscience-data/roots_ar_wikisource
bigscience-data/roots_ar_wikiversity
bigscience—data/roots_ar_wiktionary
bigscience-data/roots_ca_catalan_general_crawling
bigscience-data/roots_ca_catalan_government_crawling
bigscience—data/roots_ca_catalan_textual_corpus
bigscience-data/roots_ca_enriched_conllu_ancora_for_ml_training
bigscience-data/roots_ca_open_subtitles
bigscience—data/roots_ca_opuleO
bigscience-data/roots_ca_oscar
bigscience-data/roots_ca_parlament_parla
bigscience—data/roots_ca_tecla
bigscience-data/roots_ca_ted_talks_iwslt
bigscience-data/roots_ca_vilaquad

7 bigscience—data/roots_ca_viquiquad

bigscience-data/roots_ca_wikibooks
bigscience-data/roots_ca_wikimedia
bigscience—data/roots_ca_wikinews
bigscience-data/roots_ca_wikipedia
bigscience-data/roots_ca_wikiquote
bigscience—data/roots_ca_wikisource
bigscience-data/roots_ca_wiktionary_filtered
bigscience-data/roots_ca_xquad_ca
bigscience-data/roots_code_github

7 bigscience-data/roots_code_stackexchange

bigscience-data/roots_en_book_dash_books
bigscience-data/roots_en_multi_un_2
bigscience-data/roots_en_no_code_stackexchange
bigscience—data/roots_en_odiencorp
bigscience—data/roots_en_open_subtitles
bigscience-data/roots_en_oscar
bigscience-data/roots_en_project_gutenberg

bigscience—data/roots_en_pseudocrawl—filtered_l59_www_postcrescent_com

bigscience-data/roots_en_pseudocrawl-filtered_304_www_semana_com

bigscience—data/roots_en_pseudocrawl—filtered_339_www_actasanitaria_com

bigscience—data/roots_en_pseudocrawl—filtered_395_www_evwind_es



bigscience-data/roots_en_pseudocrawl-filtered_470_forums_hardwarezone_com_sg
bigscience-data/roots_en_pseudocrawl-filtered_483_alvinology_com
bigscience—data/roots_en_pseudocrawl—filtered_485_blog_moneysmart_sg

2 bigscience-data/roots_en_pseudocrawl-filtered_487_thesmartlocal_com

bigscience-data/roots_en_pseudocrawl-filtered_488_dailyvanity_sg
bigscience—data/roots_en_pseudocrawl—filtered_492_www_vivawoman_net
bigscience-data/roots_en_pseudocrawl-filtered_ 497 _www_straitstimes_com
bigscience-data/roots_en_pseudocrawl-filtered_498_www_channelnewsasia_com

7 bigscience—data/roots_en_pseudocrawl—filtered_499_www_today_com_news

bigscience-data/roots_en_pseudocrawl-filtered_500_www_asiaone_com_singapore
bigscience-data/roots_en_pseudocrawl-filtered_501_theindependent_sg
bigscience—data/roots_en_pseudocrawl—fi1tered_502_www_ricemedia_co
bigscience-data/roots_en_pseudocrawl-filtered_510_timesofindia_indiatimes_com
bigscience—data/roots_en_pseudocrawl—filtered_534_www_naira1and_com
bigscience—data/roots_en_pseudocrawl—filtered_548_remezcla_com
bigscience-data/roots_en_pseudocrawl-filtered_638_globalvoices_org
bigscience—data/roots_en_pseudocrawl—filtered_689_www_abc_net_au
bigscience—data/roots_en_pseudocrawl—filtered_696_www_oercommons_org

7 bigscience-data/roots_en_qgedcorpus

bigscience—data/roots_en_royal_society_corpus
bigscience—data/roots_en_s2orc_ai2_pdf_parses
bigscience-data/roots_en_scielo
bigscience—data/roots_en_ted_talks_iwslt
bigscience—data/roots_en_the_pile_europarl
bigscience-data/roots_en_the_pile_uspto
bigscience—data/roots_en_uncorpus
bigscience—data/roots_en_wikibooks
bigscience-data/roots_en_wikinews

7 bigscience—data/roots_en_wikipedia
bigscience—data/roots_en_wikiquote
bigscience-data/roots_en_wikiversity
bigscience-data/roots_en_wikivoyage
bigscience—data/roots_en_wiktionary

2 bigscience-data/roots_es_multi_un_2

bigscience—data/roots_es_open_subtitles
bigscience—data/roots_es_oscar
bigscience-data/roots_es_project_gutenberg
bigscience—data/roots_es_pseudocrawl—filtered_100_www_aporrea_org
bigscience—data/roots_es_pseudocrawl—filtered_103_www_elmostrador_cl
bigscience-data/roots_es_pseudocrawl-filtered_116_www_latribuna_hn
bigscience—data/roots_es_pseudocrawl—filtered_l18_www_elheraldo_hn
bigscience-data/roots_es_pseudocrawl-filtered_125_www_noticiasde_es
bigscience-data/roots_es_pseudocrawl -
filtered_130_www_elperiodicomediterraneo_com
bigscience-data/roots_es_pseudocrawl-filtered_136_valenciaplaza_com
bigscience-data/roots_es_pseudocrawl-filtered_146_www_perfil_com
bigscience—data/roots_es_pseudocrawl—filtered_153_financialfood_es
bigscience-data/roots_es_pseudocrawl-filtered_ 157 _www_elsoldemexico_com_mx
bigscience-data/roots_es_pseudocrawl-filtered_158_www_diariodeleon_es
bigscience—data/roots_es_pseudocrawl—filtered_165_www_ticbeat_com
bigscience-data/roots_es_pseudocrawl-filtered_167 _www_ambientum_com
bigscience-data/roots_es_pseudocrawl-filtered_169_www_el_carabobeno_com
bigscience—data/roots_es_pseudocrawl—filtered_172_www_rionegro_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_181_noticiassin_com
bigscience-data/roots_es_pseudocrawl-filtered_182_correodelsur_com
bigscience—data/roots_es_pseudocrawl—filtered_189_www_e1economista_com_mx
bigscience-data/roots_es_pseudocrawl-filtered_198_www_eleconomista_es
bigscience-data/roots_es_pseudocrawl-filtered_203_www_que_es
bigscience—data/roots_es_pseudocrawl—filtered_207_elimpulso_com

7 bigscience-data/roots_es_pseudocrawl-filtered_209_misionesonline_net

bigscience-data/roots_es_pseudocrawl-filtered_20_www_clarin_com
bigscience—data/roots_es_pseudocrawl—filtered_211_www_elcomercio_com
bigscience-data/roots_es_pseudocrawl-filtered_213 _www_hola_com
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bigscience-data/roots_es_pseudocrawl-filtered_215_www_lainformacion_com
bigscience-data/roots_es_pseudocrawl-filtered_219_www_aguasresiduales_info
bigscience—data/roots_es_pseudocrawl—filtered_21_www_elperiodicodearagon_com
bigscience-data/roots_es_pseudocrawl-filtered_220_www_vanguardia_com_mx
bigscience-data/roots_es_pseudocrawl-filtered_223_www_eltambor_es
bigscience—data/roots_es_pseudocrawl—filtered_226_www_ole_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_229_www_expansion_com
bigscience-data/roots_es_pseudocrawl-filtered_231_ojo_pe
bigscience—data/roots_es_pseudocrawl—filtered_232_tn_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_233_www_dinero_com
bigscience-data/roots_es_pseudocrawl-filtered_237 _www_cronista_com
bigscience—data/roots_es_pseudocrawl—filtered_23_www_elconfidencialdigital_com
bigscience-data/roots_es_pseudocrawl-filtered_244_www_df_cl
bigscience—data/roots_es_pseudocrawl—filtered_245_www_noticiasdenavarra_com
bigscience—data/roots_es_pseudocrawl—fi1tered_246_www_eldiarionuevodia_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_248_www_telesurtv_net
bigscience—data/roots_es_pseudocrawl—filtered_249_www_telecinco_es
bigscience—data/roots_es_pseudocrawl—filtered_250_www_cooperativa_cl
bigscience-data/roots_es_pseudocrawl-filtered_253_www_debate_com_mx
bigscience—data/roots_es_pseudocrawl—filtered_254_diario_mx
bigscience—data/roots_es_pseudocrawl—filtered_255_elcomercio_pe
bigscience-data/roots_es_pseudocrawl-filtered_256_www_laprovincia_es
bigscience—data/roots_es_pseudocrawl—filtered_257_www_diaridetarragona_com
bigscience—data/roots_es_pseudocrawl—filtered_263_www_1asexta_com
bigscience-data/roots_es_pseudocrawl-filtered_267_www_elperiodico_com_es
bigscience—data/roots_es_pseudocrawl—fi1tered_276_radio_uchile_cl

7 bigscience—data/roots_es_pseudocrawl—filtered_277_www_entornointeligente_com

bigscience-data/roots_es_pseudocrawl-filtered_280_salamancartvaldia_es
bigscience—data/roots_es_pseudocrawl—filtered_286_www_nacion_com
bigscience—data/roots_es_pseudocrawl—filtered_287_www_cibercuba_com
bigscience-data/roots_es_pseudocrawl-filtered_288_www_marca_com
bigscience—data/roots_es_pseudocrawl—filtered_28_www_fayerwayer_com
bigscience—data/roots_es_pseudocrawl—filtered_294_www_1aopinion_com_co
bigscience-data/roots_es_pseudocrawl-filtered_299_www_lne_es
bigscience—data/roots_es_pseudocrawl—filtered_SO_www_radiocable_com
bigscience—data/roots_es_pseudocrawl—filtered_S15_1asi11avacia_com
bigscience-data/roots_es_pseudocrawl-filtered_317_diariocorreo_pe
bigscience—data/roots_es_pseudocrawl—filtered_SQO_www_paginasiete_bo
bigscience—data/roots_es_pseudocrawl—filtered_324_gestion_pe
bigscience-data/roots_es_pseudocrawl-filtered_325_www_laprensa_hn
bigscience—data/roots_es_pseudocrawl—filtered_32_www_elexpresso_com
bigscience-data/roots_es_pseudocrawl-filtered_333_www_elmundo_es
bigscience-data/roots_es_pseudocrawl-filtered_341_es_cointelegraph_com
bigscience—data/roots_es_pseudocrawl—filtered_349_www_eltiempo_com
bigscience-data/roots_es_pseudocrawl-filtered_34_www_losandes_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_354_www_lagaceta_com_ar
bigscience—data/roots_es_pseudocrawl—filtered_359_www_efeverde_com
bigscience-data/roots_es_pseudocrawl-filtered_367_elcorreoweb_es
bigscience-data/roots_es_pseudocrawl-filtered_373_www_farodevigo_es
bigscience—data/roots_es_pseudocrawl—fi1tered_374_www_ta1cualdigital_com
bigscience-data/roots_es_pseudocrawl-filtered_376_www_elpopular_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_381_www_cuartopoder_es
bigscience—data/roots_es_pseudocrawl—filtered_386_www_prensalibre_com
bigscience-data/roots_es_pseudocrawl-filtered_392_www_muypymes_com
bigscience-data/roots_es_pseudocrawl-filtered_396_www_eldiario_es
bigscience—data/roots_es_pseudocrawl—fi1tered_401_www_elperiodicodemexico_com
bigscience-data/roots_es_pseudocrawl-filtered_404_www_telam_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_405_www_emol_com
bigscience—data/roots_es_pseudocrawl—fi1tered_406_www_americaeconomia_com
bigscience-data/roots_es_pseudocrawl-filtered_409_www_proceso_com_mx
bigscience-data/roots_es_pseudocrawl-filtered_417 _www_radiolaprimerisima_com
bigscience—data/roots_es_pseudocrawl—filtered_420_www_retema_es
bigscience-data/roots_es_pseudocrawl-filtered_422 _www_formulatv_com
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bigscience-data/roots_es_pseudocrawl-filtered_424_www_lavanguardia_com
bigscience-data/roots_es_pseudocrawl-filtered_429_cadenaser_com
bigscience—data/roots_es_pseudocrawl—filtered_430_www_e1diario_ec

7 bigscience-data/roots_es_pseudocrawl -

filtered_431_www_elperiodicoextremadura_com
bigscience—data/roots_es_pseudocrawl—filtered_44_ladiaria_com_uy
bigscience-data/roots_es_pseudocrawl-filtered_518_www_elcolombiano_com
bigscience-data/roots_es_pseudocrawl-filtered_53_www_expreso_ec
bigscience—data/roots_es_pseudocrawl—fi1tered_56_www_e1universo_com
bigscience-data/roots_es_pseudocrawl-filtered_58_www_levante_emv_com
bigscience-data/roots_es_pseudocrawl-filtered_62_www_lapagina_com_sv
bigscience—data/roots_es_pseudocrawl—filtered_63_www_1anacion_com_ar
bigscience-data/roots_es_pseudocrawl-filtered_641_es_globalvoices_org
bigscience—data/roots_es_pseudocrawl—fi1tered_675_www_elespectador_com
bigscience—data/roots_es_pseudocrawl—filtered_67_www_elpais_cr
bigscience-data/roots_es_pseudocrawl-filtered_71_www_rtve_es
bigscience—data/roots_es_pseudocrawl—fi1tered_78_www_listindiario_com

bigscience—data/roots_es_pseudocrawl—fi1tered_79_www_laopiniondemurcia_es

bigscience-data/roots_es_pseudocrawl-filtered_86_www_motorpasion_com
bigscience—data/roots_es_pseudocrawl—filtered_90_peru_com
bigscience—data/roots_es_pseudocrawl—filtered_91_www_diario26_com
bigscience-data/roots_es_qgedcorpus
bigscience—data/roots_es_scielo
bigscience—data/roots_es_ted_talks_iwslt
bigscience-data/roots_es_the_pile_europarl
bigscience—data/roots_es_uncorpus
bigscience—data/roots_es_wikibooks
bigscience-data/roots_es_wikinews
bigscience—data/roots_es_wikipedia
bigscience—data/roots_es_wikiquote
bigscience-data/roots_es_wikisource
bigscience—data/roots_es_wikiversity
bigscience-data/roots_es_wikivoyage
bigscience-data/roots_es_wiktionary
bigscience—data/roots_eu_bsbasque
bigscience—data/roots_eu_open_subtitles
bigscience-data/roots_eu_opus100

bigscience—data/roots_eu_oscar
bigscience—data/roots_eu_pseudocrawl—filtered_506_goiena_eus
bigscience-data/roots_eu_pseudocrawl-filtered_563_ahotsak_eus
bigscience—data/roots_eu_pseudocrawl—filtered_635_www_berria_eus
bigscience-data/roots_eu_pseudocrawl-filtered_637_www_argia_eus
bigscience-data/roots_eu_ted_talks_iwslt
bigscience—data/roots_eu_wikibooks
bigscience-data/roots_eu_wikipedia
bigscience-data/roots_eu_wikiquote
bigscience—data/roots_eu_wikisource
bigscience-data/roots_eu_wiktionary
bigscience-data/roots_fr_book_dash_books
bigscience—data/roots_fr_ester
bigscience-data/roots_fr_hal_archives_ouvertes
bigscience-data/roots_fr_multi_un_2
bigscience—data/roots_fr_open_subtitles
bigscience-data/roots_fr_oscar
bigscience-data/roots_fr_project_gutenberg
bigscience—data/roots_fr_pseudocrawl—fi1tered_530_www_mediapart_fr
bigscience-data/roots_fr_pseudocrawl-filtered_550_www_lemonde_fr
bigscience-data/roots_fr_pseudocrawl-filtered_599_fr_globalvoices_org
bigscience—data/roots_fr_qedcorpus
bigscience-data/roots_fr_ted_talks_iwslt
bigscience-data/roots_fr_the_pile_europarl
bigscience—data/roots_fr_uncorpus
bigscience-data/roots_fr_wikibooks
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bigscience-data/roots_fr_wikinews
bigscience-data/roots_fr_wikipedia
bigscience—data/roots_fr_wikiquote
bigscience-data/roots_fr_wikisource
bigscience-data/roots_fr_wikiversity
bigscience—data/roots_fr_wikivoyage
bigscience-data/roots_fr_wiktionary
bigscience-data/roots_id_indo4b_bppt
bigscience—data/roots_id_indo4b_jw300
bigscience-data/roots_id_indo4b_kompas
bigscience-data/roots_id_indo4b_parallel
bigscience-data/roots_id_indo4b_talpco
bigscience-data/roots_id_indo4b_tempo
bigscience-data/roots_id_indonesian_frog_storytelling_corpus
bigscience—data/roots_id_indonesian_news_articles_2017
bigscience-data/roots_id_indonesian_news_corpus
bigscience—data/roots_id_indonli
bigscience—data/roots_id_indosum
bigscience-data/roots_id_open_subtitles
bigscience—data/roots_id_opuleO
bigscience—data/roots_id_oscar

7 bigscience-data/roots_id_pseudocrawl-filtered_512_kumparan_com

bigscience—data/roots_id_pseudocrawl—filtered_545_www_detik_com
bigscience—data/roots_id_pseudocrawl—filtered_549_www_cnnindonesia_com
bigscience-data/roots_id_pseudocrawl-filtered_572_tirto_id
bigscience—data/roots_id_recibrew
bigscience—data/roots_id_ted_talks_iwslt
bigscience-data/roots_id_wikibooks

bigscience—data/roots_id_wikimedia

bigscience—data/roots_id_wikipedia

bigscience-data/roots_id_wikiquote

bigscience—data/roots_id_wikisource
bigscience—data/roots_id_wiktionary
bigscience-data/roots_indic-as_opus100
bigscience—data/roots_indic—as_samanantar
bigscience—data/roots_indic-as_ted_talks_iwslt
bigscience-data/roots_indic-as_wikipedia
bigscience—data/roots_indic—as_wikisource
bigscience—data/roots_indic-as_wiktionary
bigscience-data/roots_indic-bn_bangla_lm
bigscience—data/roots_indic—bn_bangla_sentiment_classification_datasets

7 bigscience-data/roots_indic-bn_bengali_question_answering

bigscience-data/roots_indic-bn_indic_nlp_corpus
bigscience—data/roots_indic—bn_mkb
bigscience-data/roots_indic-bn_open_subtitles
bigscience-data/roots_indic-bn_opus100
bigscience—data/roots_indic—bn_oscar
bigscience-data/roots_indic-bn_pib
bigscience-data/roots_indic-bn_samanantar
bigscience—data/roots_indic—bn_ted_talks_iwslt
bigscience-data/roots_indic-bn_wikibooks
bigscience-data/roots_indic-bn_wikipedia
bigscience—data/roots_indic—bn_wikisource
bigscience-data/roots_indic-bn_wikivoyage
bigscience-data/roots_indic-bn_wiktionary
bigscience—data/roots_indic—gu_indic_nlp_corpus
bigscience-data/roots_indic-gu_mkb
bigscience-data/roots_indic-gu_opus100
bigscience—data/roots_indic—gu_pib
bigscience-data/roots_indic-gu_samanantar
bigscience-data/roots_indic-gu_ted_talks_iwslt
bigscience—data/roots_indic—gu_wikipedia
bigscience-data/roots_indic-gu_wikiquote
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bigscience-data/roots_indic-gu_wikisource
bigscience-data/roots_indic-gu_wiktionary
bigscience—data/roots_indic—hi_iitb_english_hindi_corpus
bigscience-data/roots_indic-hi_indic_nlp_corpus
bigscience-data/roots_indic-hi_mkb
bigscience—data/roots_indic—hi_open_subtitles
bigscience-data/roots_indic-hi_opus100
bigscience-data/roots_indic-hi_oscar

7 bigscience—data/roots_indic—hi_pib

bigscience-data/roots_indic-hi_pseudocrawl-filtered_515_www_aajtak_in
bigscience-data/roots_indic-hi_pseudocrawl-filtered_667_www_bhaskar_com
bigscience—data/roots_indic—hi_qedcorpus
bigscience-data/roots_indic-hi_samanantar
bigscience-data/roots_indic-hi_ted_talks_iwslt
bigscience—data/roots_indic—hi_wikibooks
bigscience-data/roots_indic-hi_wikimedia
bigscience—data/roots_indic—hi_wikipedia
bigscience—data/roots_indic—hi_wikiquote
bigscience-data/roots_indic-hi_wikisource
bigscience—data/roots_indic—hi_wikiversity
bigscience-data/roots_indic-hi_wikivoyage
bigscience-data/roots_indic-hi_wiktionary
bigscience—data/roots_indic—kn_indic_nlp_corpus
bigscience—data/roots_indic-kn_opuleO
bigscience-data/roots_indic-kn_samanantar
bigscience—data/roots_indic—kn_ted_talks_iwslt
bigscience—data/roots_indic-kn_wikipedia
bigscience-data/roots_indic-kn_wikiquote
bigscience—data/roots_indic—kn_wikisource
bigscience—data/roots_indic-kn_wiktionary
bigscience-data/roots_indic-ml_indic_nlp_corpus
bigscience—data/roots_indic—ml_mkb
bigscience—data/roots_indic-ml_open_subtitles
bigscience-data/roots_indic-ml_opus100
bigscience—data/roots_indic—ml_pib
bigscience—data/roots_indic-ml_samanantar
bigscience-data/roots_indic-ml_ted_talks_iwslt
bigscience—data/roots_indic—ml_wikibooks

7 bigscience—data/roots_indic-ml_wikipedia

bigscience-data/roots_indic-ml_wikiquote
bigscience—data/roots_indic—ml_wikisource
bigscience-data/roots_indic-ml_wiktionary
bigscience-data/roots_indic-mr_indic_nlp_corpus
bigscience—data/roots_indic—mr_mkb
bigscience-data/roots_indic-mr_opus100
bigscience-data/roots_indic-mr_pib
bigscience—data/roots_indic—mr_samanantar
bigscience-data/roots_indic-mr_ted_talks_iwslt
bigscience-data/roots_indic-mr_wikibooks
bigscience—data/roots_indic—mr_wikipedia
bigscience-data/roots_indic-mr_wikiquote
bigscience-data/roots_indic-mr_wikisource
bigscience—data/roots_indic—mr_wiktionary
bigscience-data/roots_indic-
ne_unsupervised_cross_lingual_representation_learning_at_scale
bigscience—data/roots_indic—or_indic_nlp_corpus
bigscience-data/roots_indic-or_mkb
bigscience-data/roots_indic-or_odiencorp
bigscience—data/roots_indic—or_opuleO

7 bigscience-data/roots_indic-or_pib

bigscience-data/roots_indic-or_samanantar
bigscience—data/roots_indic—or_wikipedia
bigscience-data/roots_indic-or_wikisource
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bigscience-data/roots_indic-or_wiktionary
bigscience-data/roots_indic-pa_indic_nlp_corpus
bigscience—data/roots_indic—pa_opuleO
bigscience-data/roots_indic-pa_pib
bigscience-data/roots_indic-pa_samanantar
bigscience—data/roots_indic—pa_ted_talks_iwslt
bigscience-data/roots_indic-pa_wikibooks
bigscience-data/roots_indic-pa_wikipedia
bigscience—data/roots_indic—pa_wikisource
bigscience-data/roots_indic-pa_wiktionary
bigscience-data/roots_indic-ta_indic_nlp_corpus
bigscience-data/roots_indic-ta_mkb
bigscience-data/roots_indic-ta_open_subtitles
bigscience-data/roots_indic-ta_opus100
bigscience—data/roots_indic—ta_pib
bigscience-data/roots_indic-ta_samanantar
bigscience—data/roots_indic—ta_ted_talks_iwslt
bigscience—data/roots_indic—ta_wikibooks
bigscience-data/roots_indic-ta_wikinews
bigscience—data/roots_indic—ta_wikipedia
bigscience—data/roots_indic—ta_wikiquote
bigscience-data/roots_indic-ta_wikisource

bigscience—data/roots_indic—ta_wiktionary_filtered

bigscience—data/roots_indic-te_indic_nlp_corpus
bigscience-data/roots_indic-te_mkb
bigscience—data/roots_indic—te_open_subtitles

7 bigscience—data/roots_indic-te_opuleO

bigscience-data/roots_indic-te_pib
bigscience—data/roots_indic—te_samanantar
bigscience—data/roots_indic-te_ted_talks_iwslt
bigscience-data/roots_indic-te_wikibooks
bigscience—data/roots_indic—te_wikipedia
bigscience—data/roots_indic-te_wikiquote
bigscience-data/roots_indic-te_wikisource
bigscience—data/roots_indic—te_wiktionary

bigscience—data/roots_indic-ur_leipzig_wortschatz_urdu—pk_web_2019_sentences
bigscience-data/roots_indic-ur_leipzig_wortschatz_urdu_newscrawl_2016_sentences

bigscience—data/roots_indic—ur_mkb
bigscience—data/roots_indic-ur_open_subtitles
bigscience-data/roots_indic-ur_opus100
bigscience—data/roots_indic—ur_oscar
bigscience-data/roots_indic-ur_pib
bigscience-data/roots_indic-ur_ted_talks_iwslt

bigscience—data/roots_indic—ur_urdu—monolingual—corpus

bigscience-data/roots_indic-ur_wikibooks
bigscience-data/roots_indic-ur_wikipedia
bigscience—data/roots_indic—ur_wikiquote
bigscience-data/roots_indic-ur_wiktionary
bigscience-data/roots_nigercongo-ak_aggregated
bigscience-data/roots_nigercongo-bm_aggregated
bigscience-data/roots_nigercongo-fon_aggregated
bigscience-data/roots_nigercongo-ig_aggregated
bigscience-data/roots_nigercongo-ki_aggregated
bigscience-data/roots_nigercongo-1lg_aggregated
bigscience-data/roots_nigercongo-1ln_aggregated
bigscience-data/roots_nigercongo-nso_aggregated
bigscience-data/roots_nigercongo-ny_aggregated
bigscience-data/roots_nigercongo-rn_aggregated
bigscience-data/roots_nigercongo-rw_aggregated
bigscience-data/roots_nigercongo-sn_aggregated
bigscience-data/roots_nigercongo-st_aggregated
bigscience-data/roots_nigercongo-sw_aggregated
bigscience-data/roots_nigercongo-tn_aggregated
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bigscience-data/roots_nigercongo-ts_aggregated
bigscience-data/roots_nigercongo-tum_aggregated
bigscience-data/roots_nigercongo-tw_aggregated

7 bigscience-data/roots_nigercongo-wo_aggregated

bigscience-data/roots_nigercongo-xh_aggregated
bigscience-data/roots_nigercongo-yo_aggregated
bigscience-data/roots_nigercongo-zu_aggregated
bigscience-data/roots_pt_brwac
bigscience—data/roots_pt_open_subtitles
bigscience-data/roots_pt_opus100
bigscience-data/roots_pt_oscar
bigscience—data/roots_pt_project_gutenberg
bigscience-data/roots_pt_pseudocrawl-filtered_672_pt_globalvoices_org
bigscience-data/roots_pt_qgedcorpus
bigscience—data/roots_pt_scielo
bigscience-data/roots_pt_ted_talks_iwslt
bigscience—data/roots_pt_the_pile_europarl
bigscience—data/roots_pt_wikibooks
bigscience-data/roots_pt_wikimedia
bigscience—data/roots_pt_wikinews
bigscience-data/roots_pt_wikipedia
bigscience-data/roots_pt_wikiquote
bigscience—data/roots_pt_wikisource

7 bigscience-data/roots_pt_wikiversity

bigscience-data/roots_pt_wikivoyage
bigscience-data/roots_pt_wiktionary
bigscience—data/roots_vi_binth_news_corpus
bigscience-data/roots_vi_data_on_covid_19_news_coverage_in_vietnam
bigscience—data/roots_vi_open_subtitles
bigscience—data/roots_vi_opuleO
bigscience-data/roots_vi_oscar
bigscience—data/roots_vi_ted_talks_iwslt
bigscience—data/roots_vi_uit_vsmec
bigscience-data/roots_vi_vietai_sat
bigscience—data/roots_vi_vietnamese_poetry
bigscience—data/roots_vi_vietnamese_students_feedback
bigscience-data/roots_vi_vinbigdata_asr_vlsp_2020
bigscience—data/roots_vi_vinbigdata_monolingual_vlsp_2020
bigscience—data/roots_vi_vinbigdata_mt_vlsp_2020
bigscience-data/roots_vi_vntq_corpus_big
bigscience—data/roots_vi_wikibooks
bigscience-data/roots_vi_wikipedia
bigscience-data/roots_vi_wikiquote
bigscience—data/roots_vi_wikisource
bigscience-data/roots_vi_wikivoyage
bigscience-data/roots_vi_wiktionary
bigscience—data/roots_zh—cn_wikipedia
bigscience-data/roots_zh-tw_wikipedia
bigscience-data/roots_zh_du_reader
bigscience—data/roots_zh_multi_un_2
bigscience-data/roots_zh_open_subtitles
bigscience-data/roots_zh_project_gutenberg
bigscience—data/roots_zh_pseudocrawl—filtered_503_www_zaobao_com_sg

7 bigscience-data/roots_zh_pseudocrawl-filtered_674_ai_baidu_com

bigscience-data/roots_zh_ted_talks_iwslt
bigscience—data/roots_zh_uncorpus
bigscience-data/roots_zh_wikibooks
bigscience-data/roots_zh_wikinews
bigscience—data/roots_zh_wikiquote
bigscience-data/roots_zh_wikiversity
bigscience-data/roots_zh_wikivoyage
bigscience—data/roots_zh_wudaocorpora
bigscience-data/roots_zhs_oscar
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197 bigscience -data/roots_zhs_qgedcorpus
198 bigscience-data/roots_zht_qgedcorpus
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