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Abstract

The recent GPT-4 has demonstrated extraordinary multi-modal abilities, such
as directly generating websites from handwritten text and identifying humorous
elements within images. These features are rarely observed in previous vision-
language models. We believe the primary reason for GPT-4’s advanced multi-modal
generation capabilities lies in the utilization of a more advanced large language
model (LLM). To examine this phenomenon, we present MiniGPT-4, which aligns
a frozen visual encoder with a frozen LLM, Vicuna, using just one projection
layer. Our findings reveal that MiniGPT-4 processes many capabilities similar to
those exhibited by GPT-4 like detailed image description generation and website
creation from hand-written drafts. Furthermore, we also observe other emerging
capabilities in MiniGPT-4, including writing stories and poems inspired by given
images, providing solutions to problems shown in images, teaching users how to
cook based on food photos, etc. These advanced capabilities can be attributed
to the use of a more advanced large language model. Furthermore, our method
is computationally efficient, as we only train a projection layer using roughly 5
million aligned image-text pairs and an additional 3,500 carefully curated high-
quality pairs. Our code, pre-trained model, and collected dataset are available at
https://minigpt-4.github.io/.

1 Introduction

In recent years, large language models (LLMs) have experienced rapid advancements [20, 17, 3, 23,
31, 8, 13]. With exceptional language understanding capabilities, these models can perform a variety
of intricate linguistic tasks in a zero-shot manner. Notably, GPT-4 [18], a large-scale multimodal
model, has been recently introduced with demonstrating many impressive capabilities. For example,
GPT-4 can produce very detailed and accurate image descriptions, explain unusual visual phenomena,
and even construct websites based on handwritten text instructions.

Although GPT-4 has exhibited remarkable capabilities, the methods behind its exceptional abilities
are still a mystery [18]. We believe that these superior skills may stem from the utilization of a
more advanced large language model (LLM). LLMs have demonstrated various emergent abilities, as
evidenced in GPT-3’s few-shot prompting setup [3] and the findings of Wei et al. (2022) [33]. Such
emergent properties are hard to find in smaller-scale models. It is conjectured that these emergent
abilities are also applicable to multi-modal models, which could be the foundation of GPT-4’s
impressive visual description capabilities.

To substantiate our hypothesis, we present a novel model named MiniGPT-4. It utilizes an advanced
large language model (LLM), Vicuna [7], which is built upon LLaMA [31] and reported to achieve
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90% of ChatGPT’s quality as per GPT-4’s evaluation, as the language decoder. In terms of visual
perception, we employ the pretrained vision component of BLIP-2 [15] that consists of a ViT-G/14
from EVA-CLIP [12] and a Q-Former. MiniGPT-4 only adds a single projection layer to align the
encoded visual features with the Vicuna language model and freezes all the other vision and language
components. We first train MiniGPT-4 for 50k steps in a compound dataset including images from
LAION [25], Conceptual Captions [4, 26], and SBU [19] to align the visual features with the Vicuna
language model. However, simply aligning the visual features with LLM is insufficient to train
high-performing model with visual conversation abilities like a chatbot, and the noises underlying the
raw image-text pairs may result in incoherent language output. Therefore, we gather another 3,500
high-quality aligned image-text pairs to further fine-tune the model with a designed chatting template
in order to improve the naturalness of the generated language and its usability.

In our experiments, we discovered that MiniGPT-4 possesses numerous capabilities similar to those
demonstrated by GPT-4. For instance, MiniGPT-4 can generate intricate image descriptions, create
websites based on handwritten text instructions, and explain unusual visual phenomena. Furthermore,
our findings revealed that MiniGPT-4 also has a variety of other intriguing abilities not showcased
in the GPT-4 demonstrations. For example, MiniGPT-4 can directly generate detailed recipes by
observing appetizing food photos, craft stories or rap songs inspired by images, write advertisements
for products in images, distinguish problems shown in photos and provide corresponding solutions,
and retrieve rich facts about people, movies, or art directly from images, among other capabilities.
These abilities are absent in previous vision-language models like Kosmos-1 [14] and BLIP-2 [15],
which do not apply a stronger language model such as Vicuna. This contrast validates that integrating
visual features with an advanced language model can yield emergent abilities.

We present a summary of our key findings:

• Our research reveals that by aligning visual features with the advanced large language model,
Vicuna, we can achieve emergent vision-language capabilities. We demonstrate that our
MiniGPT-4 can process abilities similar to those showcased in the GPT-4 demonstrations.

• By utilizing a pretrained vision encoder and a large language model, MiniGPT-4 achieves
greater computational efficiency. Our findings suggest that training merely one projection
layer can effectively align the visual features with the large language model. It only requires
approximately 40 A100 hours of training time.

• We discovered that simply aligning visual features with large language models using raw
image-text pairs from public datasets is not sufficient for developing a well-performing
MiniGPT-4 model. It may produce unnatural language outputs that lack coherency including
repetition and fragmented sentences. Addressing this limitation requires training with a
high-quality, well-aligned dataset, which significantly improves its usability.

2 Related Works

Large language models have experienced tremendous success in recent years due to the scaling
up of training data and an increase in the number of parameters. Early models, such as BERT [10],
GPT-2 [21], and T5 [22], laid the foundation for this progress. Subsequently, GPT-3 [3], with a
massive scale of 175 billion parameters, was introduced, demonstrating significant breakthroughs
across numerous language benchmarks. This development inspired the creation of various other
large language models, including Megatron-Turing NLG [27], Chinchilla [13], PaLM [8], OPT [37],
BLOOM [24], and LLaMA [31], among others. Wei et al. [33] further discovered several emergent
abilities, which appear exclusively in large models. The emergence of these abilities underscores
the importance of scaling up in the development of large language models. Moreover, by aligning
the pre-trained large language model GPT-3 with human intent, instructions and human feedback,
InstructGPT [20] and ChatGPT [17] enable conversational interactions with humans and can answer
a wide range of diverse and complex questions. More recently, several open-sourced models, such
as Alpaca [29] and Vicuna [7], have been developed based on LLaMA [31] and also exhibit similar
performance.

Leveraging Pre-trained LLMs in Vision-Language Tasks. In recent years, the trend of using
autoregressive language models as decoders in vision-language tasks has gained significant traction [5,
14, 35, 30, 2, 15, 16, 11]. This approach takes advantage of cross-modal transfer, allowing knowledge

2



The logo design is simple and minimalistic, with a pink line drawing of a flamingo
standing on one leg in the water. The design is clean and easy to recognize, making it 
suitable for use in various contexts such as a logo for a beach resort or a flamingo-
themed event. The use of a flamingo as a symbol adds a touch of whimsy and fun to 
the design, making it memorable and eye-catching. Overall, it's a well-designed logo 
that effectively communicates the brand's message.

### Human: What do you think of this 
logo design? ### Assistant:

Linear Layer

Q-Former
&

ViT

Vicuna

Figure 1: The architecture of MiniGPT-4. It consists of a vision encoder with a pretrained ViT and
Q-Former, a single linear projection layer, and an advanced Vicuna large language model. MiniGPT-4
only requires training the linear layer to align the visual features with the Vicuna.

to be shared between language and multimodal domains. Pioneering studies like VisualGPT [5]
and Frozen [32] have demonstrated the benefits of employing a pre-trained language model as a
vision-language model decoder. Flamingo [2] was then developed to align a pre-trained vision
encoder and language model using gated cross-attention, and was trained on billions of image-text
pairs, showcasing impressive in-context few-shot learning capabilities. Following that, BLIP-2 [15]
was introduced, employing a Flan-T5 [9] with a Q-Former to efficiently align visual features with the
language model. Most recently, PaLM-E [11], featuring 562 billion parameters, has been developed
to integrate real-world continuous sensor modalities into an LLM, thereby establishing a connection
between real-world perceptions and human languages. GPT-4 [18] has also been recently released,
showcasing more powerful visual understanding and reasoning abilities after pre-training on a vast
collection of aligned image-text data.

LLMs, such as ChatGPT, have proven to be powerful tools in enhancing the performance of vision-
language tasks by collaborating with other specialized models. For instance, Visual ChatGPT [34]
and MM-REACT [36] showcase how ChatGPT can act as a coordinator, integrating with diverse
visual foundation models and facilitating their collaboration to tackle more complex challenges.
ChatCaptioner [38] treats ChatGPT as a questioner, prompting diverse questions for BLIP-2 to
answer. Through multi-round conversations, ChatGPT extracts visual information from BLIP-2
and effectively summarizes the image content. Video ChatCaptioner [6] extends this approach,
applying it to video spatiotemporal understanding. ViperGPT [28] demonstrates the potential of
combining an LLM with different vision models to address complex visual queries programmatically.
In contrast, MiniGPT4 directly aligns visual information with the language model to accomplish
diverse vision-language tasks without the usage of external vision models.

3 Method

MiniGPT-4 aims to align visual information from a pretrained vision encoder with an advanced large
language model (LLM). Specifically, we utilize the Vicuna [7] as our language decoder, which is
constructed upon LLaMA [31] and can perform a wide range of complex linguistic tasks. For visual
perception, we employ the same visual encoder as implemented in BLIP-2 [15], a ViT backbone [12]
coupled with their pre-trained Q-Former. Both models are open-sourced. We bridge the gap between
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the visual encoder and LLM using a trainable projection layer, with an overview of our model
displayed in Fig.1.

To achieve an effective MiniGPT-4, we propose a two-stage training approach. The initial stage
involves pretraining the model on a large collection of aligned image-text pairs to acquire vision-
language knowledge. In the second stage, we fine-tune the pretrained model with a smaller, high-
quality dataset of image-text pairs to enhance the model’s generation reliability and usability.

3.1 First pretraining stage

During the initial pretraining phase, the model is designed to acquire vision-language knowledge
from a large collection of aligned image-text pairs. We regard the output from the injected projection
layer as a soft prompt for the LLM, prompting it to generate the corresponding ground-truth texts.

Throughout the entire pretraining process, both the pretrained vision encoder and the LLM remain
frozen, with only the linear projection layer being pretrained. The training set consists of approxi-
mately 5 million image-text pairs, which are randomly sampled from the Conceptual Caption [4, 26],
LAION [25], and SBU [19] datasets. Our models undergo 20,000 training steps with a batch size of
256. The entire process takes about 10 hours to complete, utilizing 4 A100 GPUs.

Issues of the first pretraining stage. Following the first pretraining stage, our MiniGPT-4 demon-
strates the capacity to process a wealth of knowledge and offer reasonable responses to human
inquiries. However, we have observed instances where it struggles to produce coherent linguistic
output, such as generating repetitive words or sentences, fragmented sentences, or irrelevant content.
These issues hinder MiniGPT-4’s ability to engage in a fluent visual conversation with humans.

We have also noticed that similar issues were also faced in GPT-3. Despite being pretrained on an
extensive language dataset, GPT-3 could not directly generate language outputs that are in accordance
with the users’ intentions. Through a process of instruction fine-tuning and reinforcement learning
from human feedback, GPT-3 evolves into GPT-3.5 [20, 17] and becomes capable of producing more
human-friendly outputs. This phenomenon bears a resemblance to the current state of MiniGPT-4
following its initial pretraining phase. As such, it is not surprising that our model may struggle to
generate fluent and natural human language outputs at this stage.

3.2 Curating a high-quality alignment dataset for vision-language domain.

To achieve greater naturalness in the generated language and enhance the model’s usability, a second-
stage alignment process is essential. While in the realm of NLP, instruction fine-tuning datasets [29]
and conversations [1] are easily available, no equivalent datasets exist for the vision-language domain.
To address this deficiency, we carefully curated a high-quality image-text dataset, specifically tailored
for alignment purposes. This dataset is subsequently utilized to fine-tune our MiniGPT-4 during the
second-stage alignment process.

Initial aligned image-text generation In the initial phase, we employ the model derived from the
first pretraining stage to generate a comprehensive description of a given image. To enable our model
to produce the most detailed image descriptions possible, we have designed a prompt that adheres to
the conversational format of the Vicuna [7] language model, as shown below:

###Human: <Img><ImageFeature></Img> Describe this image in detail. Give as many details as
possible. Say everything you see. ###Assistant:

In this prompt, <ImageFeature> represents the image embeddings produced by the linear projection
layer.

To identify incomplete sentences, we examine whether the generated sentence exceeds 80 tokens. If it
does not meet this criterion, we incorporate an additional prompt, ###Human: Continue ###Assistant:
, prompting our MiniGPT-4 to extend the generation. By concatenating the outputs from both steps,
we can create a more comprehensive image description. This approach enables us to generate more
detailed and informative image descriptions. We randomly select 5,000 images from the Conceptual
Caption dataset [4, 26] and employ this approach to generate corresponding language descriptions
for each image.
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Data post-processing The generated image descriptions still have much noises and contain the
errors, such as repetition of words or sentences, and the presence of incoherent statements. In order
to mitigate these issues, we employ ChatGPT to refine the descriptions by utilizing the subsequent
prompt:

Fix the error in the given paragraph. Remove any repeating sentences, meaningless characters, not
English sentences, and so on. Remove unnecessary repetition. Rewrite any incomplete sentences.
Return directly the results without explanation. Return directly the input paragraph if it is already
correct without explanation.

Upon completing the post-processing stage, we manually verify the correctness of each image
description to guarantee its high quality. Specifically, we check if each generated image description
follows the desired format, and also manually refine the generated captions by eliminating redundant
words or sentences that ChatGPT fails to detect. Finally, only approximately 3,500 out of 5,000
image-text pairs satisfy our requirement, and these pairs are subsequently utilized for the second-stage
alignment process.

3.3 Second-stage finetuning

During the second stage, we finetune our pretrained model with the curated high-quality image-text
pairs. During the finetuning, we use the predefined prompts in the following format:

###Human: <Img><ImageFeature></Img> <Instruction> ###Assistant:

In this prompt, <Instruction> represents a randomly sampled instruction from our predefined instruc-
tion set containing variant form of instructions such as “Describe this image in detail” or “Could
you describe the contents of this image for me”. It is important to note that we do not calculate the
regression loss for this specific text-image prompt.

As a result, MiniGPT-4 is now capable of producing more natural and reliable responses. Furthermore,
we have observed that the model’s fine-tuning process is remarkably efficient, only requiring a mere
400 training steps with batch size of 12, which takes a brief 7 minutes to complete with a single A100
GPU.

4 Demonstrations:

Our MiniGPT-4 exhibits a multitude of capabilities similar to those demonstrated by GPT-4. These
include generating detailed image descriptions (Fig. 2), identifying amusing aspects within images
(Fig. 3), and uncovering unusual content (Fig. 4). Additionally, the model can generate websites
from handwritten text (Fig. 5). We have also discovered that our MiniGPT-4 possesses other abilities
such as identifying problems in images and providing solutions (Fig. 6), creating poems or rap songs
inspired by images (Fig. 7), writing stories for images (Fig. 8), making advertisements for products
in images (Fig. 9), identifying individuals (Fig. 10), providing insightful image comments (Fig. 11),
retrieving facts related to images (Fig. 12), and teaching users to cook foods shown in photos (Fig.
13). These diverse examples showcase the strong capabilities of our MiniGPT-4.

5 Limitations

Although MiniGPT-4 boasts numerous advanced vision-language capabilities, as displayed in our
demonstrations, it currently still faces several limitations.

Language hallucination. As MiniGPT-4 is built upon LLMs, it inherits LLM’s limitations like
unreliable reasoning ability and hallucinating nonexistent knowledge. This issue might be alleviated
by training the model with more high-quality, aligned image-text pairs, or aligning with more
advanced LLMs in the future.

Inadequate perception capacities. MiniGPT-4’s visual perception remains limited. It may struggle
to recognize detailed textual information from images, and differentiate spatial localization. This
limitation may stem from several factors: 1) A lack of sufficient aligned image-text data containing
adequate information such as spatial localization and optical character annotations. This issue could
be alleviated by training on more well-aligned and rich data. 2) The frozen Q-former used in the visual
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Describe this image as detailed as
possible.

The image shows a busy city street
with a clock tower in the background.
The street is lined with shops and
restaurants on both sides. There are
several motorcycles parked on the
side of the road, and people are
walking down the street. The clock
tower has a large clock face with
Roman numerals and a small spire on
top. The buildings on either side of
the street have ornate facades and
balconies. The street is paved with
cobblestones and there are
streetlights on either side of the
road. The sky is clear and blue, and
there are a few clouds in the
distance.

Describe this image as detailed as
possible.

The image shows a group of musicians
performing on stage in front of a
large audience. The musicians are
playing electric guitars and are
wearing black and white clothing. The
audience is made up of people of
different ages and ethnicities who
are watching the performance and
taking photos with their phones. The
stage is lit up with bright lights
and there is a large screen
displaying the band's name and lyrics
in Chinese characters. The atmosphere
is lively and energetic, with the
audience cheering and singing along
to the music.

Figure 2: Detailed image descriptions

encoder may lose some essential features, such as visual-spatial grounding. This could potentially be
improved by replacing it with a more robust visual perception model. 3) Training only one projection
layer might not provide enough capacity to learn extensive visual-text alignment.
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Describe this image.

The image shows a cat wearing a blue
cookie monster costume sitting on a
couch with a plate of cookies in
front of it. The cat's mouth is open
and it appears to be enjoying the
cookies. The caption reads, `another
wild saturday night.`

The image is a cute and funny
depiction of a cat in a cookie
monster costume enjoying some cookies
on a Saturday night. The cat's
expression and the plate of cookies
in front of it add to the humor of
the image. The caption reinforces the
idea that the cat is having a wild
and fun night.

Explain why this image is funny.

The image is funny because it depicts
a cat wearing a cookie monster
costume sitting on a couch with a
plate of cookies in front of it. The
cat's expression and the plate of
cookies in front of it add to the
humor of the image. The caption
reinforces the idea that the cat is
having a wild and fun night, which
adds to the humor of the image.
Additionally, the contrast between
the cat's serious expression and the
playful nature of the cookie monster
costume creates a humorous
juxtaposition. Overall, the image is
funny because it combines elements of
cuteness and humor to create a
playful and amusing depiction of a
cat enjoying some cookies on a
Saturday night.

Explain why this meme is funny.

This meme is funny because it shows a
dog laying on the floor with its head
resting on its paws, as if it is
tired or sleepy. The caption, "monday
just monday," adds to the humor by
suggesting that the dog is feeling
the same way as many people do on
Mondays, which are often considered
to be the most dreaded day of the
week. The meme is relatable and
humorous, making it a popular one
among internet users.

Figure 3: Identifying amusing aspects within images
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Describe the image

The image depicts a wolf and a lamb
lying in a field of grass. The wolf
is lying down with its head resting
on its paws, while the lamb is lying
next to it, looking up at the wolf.
The sun is shining down on the scene,
casting a warm glow on the animals
and the grass around them. The
overall mood of the image is peaceful
and serene.

Can this happen in real world?

In the wild, it is not uncommon for
wolves and lambs to coexist in the
same area, although it is rare for
them to interact in the way depicted
in the image. In most cases, wolves
will prey on lambs and other young
livestock, so it is unlikely that
they would lie down together in a
peaceful manner like in the image.
However, it is possible that they may
come into contact with each other in
other ways, such as when the wolf is
defending its territory or when the
lamb is separated from its flock.

Describe the image

The image shows a cactus plant
standing in the middle of a frozen
lake. The cactus is surrounded by
large ice crystals that have formed
on the surface of the water. In the
background, there is a range of
mountains with snow-capped peaks. The
sky is clear and blue, with a few
fluffy clouds floating in the
distance. The overall mood of the
image is peaceful and serene, with
the cactus standing tall and proud in
the center of the frozen lake.

Is this image common in real world?

No, this image is not common in the
real world. While it is possible for
cacti to grow in cold climates, it is
rare to see one standing in the
middle of a frozen lake.
Additionally, the formation of large
ice crystals on the surface of the
water is also not a common
occurrence. This image is likely a
digital creation or manipulation.

Figure 4: Discovering unusual content
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Write brief HTML/JS to turn this
mock-up into a colorful website,
where the jokes are replaced by a
real joke

HTML:
```php
<!DOCTYPE html>
<html>
<head>
<title>A Joke Website</title>
<link rel="stylesheet"
type="text/css" href="style.css">
</head>
<body>
<div id="header">
<h1>A Joke Website</h1>
<nav>
<ul>
<li><a href="#">Home</a></li>
<li><a href="#">About</a></li>
<li><a href="#">Contact</a></li>
</ul>
</nav>
</div>
<div id="main">
<h2>Today's Joke</h2>
<p>Why did the tomato turn red?</p>
<p>Because it saw the salad
dressing!</p>
</div>
<div id="footer">
<p>&copy; 2023 A Joke Website</p>
</div>
<script src="script.js"></script>
</body>
</html>
```
CSS:
```css
body {
background-color: #f2f2f2;
font-family: Arial, sans-serif;
}

#header {
background-color: #333;
color: #fff;
padding: 20px;
text-align: center;
}

#header h1 {
margin: 0;
}

#header nav ul {
list-style: none;
margin: 0;
padding: 0;
}

#header nav ul li {
display: inline-block;
margin-right: 20px;
}

#header nav a {
color: #fff;
text-decoration: none;
}

#main {
background-color: #fff;
padding: 20px;
text-align: center;
}

#main h2 {
margin: 0;
}

#main p {
margin: 20px 0;
}

#footer {
background-color: #333;
color: #fff;
padding: 20px;
text-align: center;
}
```
JS:
```javascript
// Today's Joke
var joke = "Why did the tomato turn
red? Because it saw the salad
dressing!";

document.getElementById("main").innerHTML
= joke;
```

Figure 5: Generating website code from handwritten text and the rendered website
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What is the issue with my plant? What
should I do now?

The image shows a leaf with brown
spots on it. The spots are likely
caused by a fungal infection, which
can be treated with a fungicide. It's
important to identify the type of
fungus causing the spots in order to
choose the appropriate treatment.

To treat the plant, you can try the
following steps:

1. Identify the type of fungus
causing the spots on the leaves.
2. Use a fungicide specifically
labeled for the type of fungus you
have identified.
3. Apply the fungicide according to
the product's instructions, making
sure to cover all affected leaves.
4. Repeat the treatment every 7 to 14
days, or as directed by the product's
instructions, until the fungus is
completely gone.
5. Water the plant well after
treatment to help the fungicide
penetrate the leaves.
6. Keep the plant in a
well-ventilated area and away from
direct sunlight to prevent
overheating.
7. Monitor the plant's progress and
repeat the treatment if new spots
appear.

It's also important to keep the plant
healthy by providing it with proper
care, such as adequate watering,
fertilization, and pruning. This will
help the plant to recover and prevent
future fungal infections.

Why this happens and how to fix it?

The image shows a washing machine
with a large amount of bubbles coming
out of it. It appears that the
washing machine is overflowing with
soap suds.

There are several reasons why this
might happen:

1. Overloading the washing machine:
If too much laundry is put into the
washing machine at once, it can cause
an overflow.
2. Using too much detergent: If too
much detergent is used in the washing
machine, it can cause an overflow.
3. A clogged drain: If the drain of
the washing machine is clogged, it
can cause an overflow.
4. A malfunctioning washing machine:
If the washing machine is not
functioning properly, it can cause an
overflow.

To fix this issue, you can try the
following:

1. Check the load size: Make sure you
are not overloading the washing
machine.
2. Use the right amount of detergent:
Use the recommended amount of
detergent for the size of the load.
3. Clear the drain: Make sure the
drain is clear of any debris.
4. Check for malfunctions: Have the
washing machine checked by a
professional if it is not functioning
properly.

Figure 6: Identifying problems from photos and providing solutions
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Can you write me a beautiful poem
about this image?

Sure, here is a poem about the image
you provided:

A man sits on a hill, with his dog by
his side
The sun sets behind them, casting a
golden light
The city below is bustling, but they
are at peace
Enjoying the moment, in each other's
embrace

The man's arms are wrapped around his
furry friend
As they watch the world go by, with a
gentle bend
The dog's head rests on the man's
shoulder
A symbol of their unbreakable bond,
forever

The sky is ablaze with color, a
beautiful sight
But it's the love between the man and
his dog that shines bright
It's a moment of pure joy, a memory
to keep
Forever etched in their hearts, as
they sit and weep

So let us cherish these moments, with
our four-legged friends
For they bring us so much happiness,
until the very end
And even when they're gone, their
love will live on
In the memories we hold, forever and
strong.

Can you write me a master rap song
that rhymes very well based on this
image?

Sure, here's a rap song based on the
image you provided:

Verse 1:
I'm an old lady, but I'm still flyin'
I've got my headphones on and I'm
feelin' high
I'm in the studio, makin' some beats
I'm the queen of hip hop, can't
nobody touch my feet

Chorus:
I'm the grandma of rap, I'm still
spittin' fire
I've got my green jacket on, I'm
lookin' fly
I've got my sunglasses on, I'm
shining bright
I'm the queen of the game, I'm makin'
it right

Verse 2:
I've been in the game for years, I've
paid my dues
I've got a microphone in my hand and
I'm singin' the blues
I've got the crowd in the palm of my
hand
I'm the queen of rap, I'm takin' over
the land

Chorus:
I'm the grandma of rap, I'm still
spittin' fire
I've got my green jacket on, I'm
lookin' fly
I've got my sunglasses on, I'm
shining bright
I'm the queen of the game, I'm makin'
it right

Verse 3:
I've got my beats in my headphones,
I'm feelin' the vibe
I'm in the zone, I'm in my element,
I'm in my ride
I'm the queen of rap, I'm in control
I'm makin' hits, I'm takin' over the
world

Chorus:
I'm the grandma of rap, I'm still
spittin' fire
I've got my green jacket on, I'm
lookin' fly
I've got my sunglasses on, I'm
shining bright
I'm the queen of the game, I'm makin'
it right

Outro:
I'm the grandma of rap, I'm still
spittin' fire
I've got my green jacket on, I'm
lookin' fly
I've got my sunglasses on, I'm
shining bright
I'm the queen of the game, I'm makin'
it right.

Figure 7: Rhyme generation
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Can you write a story around this
image for my child?

Sure, here's a story based on the
image:

Once upon a time, there was a brown
bear, a white rabbit, and a black cat
who lived in a forest. They were good
friends and loved to spend time
together. One day, they decided to
have a picnic under a tree. The bear
brought some honey, the rabbit
brought some carrots, and the cat
brought some milk.

As they sat around the table, the
bear said, "I'm so hungry, I could
eat a whole honey pot!" The rabbit
giggled and said, "I'm so hungry, I
could eat a whole bag of carrots!"
The cat meowed and said, "I'm so
hungry, I could drink a whole bowl of
milk!"

They all laughed and dug in to their
food. The bear loved the honey, the
rabbit loved the carrots, and the cat
loved the milk. They were all very
happy and content.

After they finished their meal, they
decided to go for a walk in the
forest. They came across a stream and
the bear said, "Let's go for a swim!"
The rabbit and cat were a bit
hesitant, but the bear convinced them
to join in.

They all had a great time swimming
and playing in the water. The bear
loved to splash around, the rabbit
loved to dive, and the cat loved to
chase the splashes. They were all
very happy and had a lot of fun.

After their swim, they decided to go
back to their picnic spot and have
some more food. They sat around the
table and the bear said, "I'm so
hungry, I could eat a whole honey pot
again!" The rabbit giggled and said,
"I'm so hungry, I could eat a whole
bag of carrots again!" The cat meowed
and said, "I'm so hungry, I could
drink a whole bowl of milk again!"

They all laughed and dug in to their
food. They were all very happy and
content. And they lived happily ever
after.

I designed a character for my game as
shown in the image. Can you write me
a background story for him?

Sure, here's a possible background
story for the character in the image:

The monk in the image is a wise and
enlightened being who has spent many
years studying the workings of the
mind. He has spent countless hours
meditating and contemplating the
nature of consciousness, and as a
result, he has gained a deep
understanding of the inner workings
of the mind.

The brain in his hand is a symbol of
his deep understanding of the mind.
He uses it to help others understand
the nature of their own thoughts and
emotions, and to guide them on the
path to enlightenment.

Despite his great wisdom, the monk is
a humble and compassionate being. He
uses his knowledge to help others,
and is always willing to share his
insights with those who seek his
guidance. He is a revered figure in
his community, and many come to him
seeking his help and guidance.

The monk's robes are a symbol of his
commitment to his spiritual path. He
wears them as a reminder of his vows
of poverty, chastity, and obedience,
and as a symbol of his commitment to
living a life of service to others.

Overall, the monk in the image is a
wise and compassionate being who has
dedicated his life to understanding
the nature of the mind and helping
others on the path to enlightenment.

Figure 8: Story generation
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We design new mugs shown in the
image. Can you help us write an
advertisement?

Sure, here's an advertisement for the
mugs:

Introducing our new line of mugs
featuring adorable cat designs! These
mugs are perfect for coffee lovers
and cat enthusiasts alike. Made from
high-quality ceramic, each mug is
durable and dishwasher safe. The
unique designs are hand-painted,
making each mug a one-of-a-kind piece
of art.

Whether you're sipping your morning
coffee or enjoying a warm drink on a
chilly evening, these mugs are the
perfect way to add a touch of feline
charm to your daily routine. They
also make great gifts for cat lovers
in your life.

So why settle for a plain old mug
when you can have a cat-themed one?
Order yours today and start enjoying
your beverages in style!

Help me write an advertisement for
this.

Are you looking for a unique and
stylish lighting solution for your
home or office? Look no further than
our brass toucan lamp! This
beautifully crafted bird lamp is sure
to add a touch of whimsy and charm to
any room. The toucan's beak is
designed to hold a light bulb,
providing a warm and inviting glow.
The base is made of wood, adding a
natural touch to the overall design.
The toucan lamp is a great addition
to any room, whether you're looking
to brighten up a dark corner or add a
touch of personality to your space.
Order yours today and bring a touch
of the tropics to your home or
office.

Figure 9: Product advertisements

Who are the people in the image?

The people in the image are Goku and
Vegeta, two characters from the
Dragon Ball series. Goku is a saiyan
warrior and the main protagonist of
the series, while Vegeta is a saiyan
prince and the main antagonist. They
are both known for their powerful
abilities and their rivalry.

Who is the person in the image?

The person in the image is Elon Musk,
the CEO of Tesla and SpaceX. He is
known for his work in the fields of
electric cars, space exploration, and
renewable energy. He is also known
for his eccentric personality and
outspoken views on various topics.

Figure 10: Individuals Identification
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Describe this image.

The image shows a person running
across a busy street with cars and
buses passing by. The person is
wearing black clothing and has a
backpack on their back. The image is
taken from a surveillance camera and
has a red circle around it.

What do you think about the person's
behavior?

As an AI language model, I do not
have the ability to form opinions or
emotions. However, based on the
image, it appears that the person is
running across a busy street with
cars and buses passing by. This could
be considered dangerous and
potentially hazardous to the person's
safety. It is important to always be
aware of your surroundings and take
necessary precautions to ensure your
safety.

Describe about the image

The image depicts a young boy
standing on the edge of a rooftop
overlooking a large cityscape. The
boy is wearing a hoodie and jeans,
and he has his hands in his pockets
as he looks out at the view before
him. The cityscape behind him is made
up of towering skyscrapers and other
buildings, with smoke rising from
some of them. The sky is a deep shade
of blue, and there are a few clouds
visible in the distance. The overall
mood of the image is one of
contemplation and wonder, as the boy
appears to be taking in the sights
and sounds of the bustling city
below.

Do you have anything to say to the
young boy in the image?

As an artificial intelligence, I do
not have personal feelings or
emotions, so I do not have anything
to say to the young boy in the image.
However, I can offer some general
advice to young people who are
looking out at the world before them.
It is important to remember that the
future is uncertain and that there
will be challenges and obstacles
along the way. However, with hard
work, determination, and a positive
attitude, you can overcome these
challenges and achieve your goals. It
is also important to remember to take
time to enjoy the present moment and
to appreciate the beauty and wonder
of the world around you.

Figure 11: Image commenting
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Can you give me a short introduction
to this movie?

The Godfather is a classic American
crime drama film directed by Francis
Ford Coppola and released in 1972. It
is based on the novel of the same
name by Mario Puzo and follows the
story of the Corleone family, a
powerful mafia clan in New York City.
The film stars Marlon Brando as the
patriarch of the family, Vito
Corleone, and Al Pacino as his son,
Michael Corleone. The Godfather is
known for its iconic performances,
memorable dialogue, and its portrayal
of the American mafia lifestyle. It
is considered one of the greatest
films of all time and has had a
lasting impact on popular culture.

Can you give me a detailed
introduction to this painting, and
also the artist?

This is a surrealist painting by
Salvador Dali, titled "The
Persistence of Memory." It is one of
Dali's most famous works and is
considered one of the greatest works
of surrealist art. The painting
depicts melting clocks and other
objects in a desert landscape, with
the sun setting in the background.
The overall theme of the painting is
the idea that time is not fixed and
that it can be distorted and
manipulated. The painting is
considered a masterpiece of
surrealism and is widely recognized
as one of Dali's most important
works.

The artist, Salvador Dali, was a
Spanish surrealist painter and
sculptor. He is considered one of the
most important figures in the history
of art and is known for his unique
and imaginative works. Dali was born
in 1904 in Spain and began painting
at a young age. He is best known for
his surrealist paintings, which often
feature melting clocks, distorted
figures, and other strange and
fantastical elements. Dali's work has
had a significant influence on the
art world and continues to be widely
admired and studied today.

Figure 12: Fact retrieval
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How should I make something like
this?

To make this dish, you will need the
following ingredients:

* 4 large lobsters
* 2 tablespoons olive oil
* 2 cloves garlic, minced
* 1 teaspoon dried thyme
* 1 teaspoon dried oregano
* 1/2 teaspoon paprika
* Salt and pepper, to taste
* 4 lemon wedges, for serving

1. Preheat the oven to 400°F (200°C).
2. In a large baking dish, toss the
lobsters with the olive oil, garlic,
thyme, oregano, paprika, salt, and
pepper.
3. Roast the lobsters in the
preheated oven for 20-25 minutes, or
until they are cooked through.
4. Remove the lobsters from the oven
and let them cool for a few minutes.
5. Serve the lobsters with the lemon
wedges on the side.

I hope this helps! Let me know if you
have any other questions.

How should I do to cook this?

To cook ramen noodles, you will need
the following ingredients:

1. Ramen noodles
2. Pork or chicken broth
3. Soy sauce
4. Sesame oil
5. Green onions
6. Sesame seeds
7. Sliced pork or chicken
8. Boiled eggs

Here's how to cook ramen noodles:

1. Bring the pork or chicken broth to
a boil in a large pot.
2. Add the soy sauce, sesame oil, and
green onions to the broth.
3. Add the ramen noodles to the broth
and cook according to the package
instructions.
4. While the noodles are cooking,
cook the sliced pork or chicken in a
separate pan.
5. Once the noodles are cooked, drain
them and add them to the pan with the
pork or chicken.
6. Add the boiled eggs to the pan and
stir everything together.
7. Serve the ramen noodles in bowls,
topped with sesame seeds and green
onions.

I hope this helps! Let me know if you
have any other questions.

Figure 13: Food recipes generation
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